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RTP traffic identification based on tailored feature selection toward generalization in machine learning

FAL B

Yuta Mochimaru

JUN TR
Kyushu Institute of Technology

1 HRER - B

77 r =3 a Y DERMLIZHED QoE(Quality of Ex-
perience) ZIHH L7z % v b7 — ZHlHID IR AT
%. %7z, SDN(Software Defined Network) % /=7
TV = a YR OFPIRHIE 2 R T E TV (1.
Z®D QoE FHEEIX 7 TV r— a VEIEEL XN T
W372%, QE IS 2y by =2y 7Y
r—a VIRV, LA L, HEDRS a—
FHEEIC K o CTEHENR T 7'V o — 2 a Valknllhiw
Ligottd, BMFEEEZRNT 7V r—>a vk

PRET X TS, 2] T, IP 7 RLRAZEDORED 7
U R —NOEHREKREZREEE LTWED, ZHR
TONA AP T B ToT BREETIX, 1P 7 F L ADHHEK
ST 2ESTEEINS 20, LRI TR
W, Z ZTAMFETIE, RTP(Real-time Transport Pro-
tocol) OENE] 7 1 — 2 BT IFKAF TR § 5 72 9 D
BEOMETZ1TH. BRINICIE, OpenFlow(OF) % FWT
B 2BRIECIT — X e T A M T =R 2EML, BRE
DERBEDZZETHEVRIEEZHETE S I 2Ry

2 REFE

AHFFETIE, RTP 7 v —BAtRER 15 %7 v b OR#H
RZEENCEH L, OF @ Packet In X vt — DEIEM
fEzItic o8y MEIBRRBERE L. L L, @
FEBEZDODDIIRBEHBICEL L 2y N7 — 7 RIE,
v R N7y bR ET B2, AR TH
Ey 33N bERERIAFTE Y. 22T, 2T
ETIRHEMBOMETRICER L, REOHMELZITR
TWERAME, HRE, BMEZRW, FEEE, 58,
EHEREZRMEE L. £, 77V —> a VHiH

DR WZ B2 KR—1+EE, v bail®iE Srv b
FAXBFHEER LTHEHATS. ZDX51T87X—%
ZEUNERST 2 2 2T, - 7 2 MR EHIER L o
D, EHWINLERERFFOET A EMERT 5.

3 FHMEEER
AREBRTOT— XLy MEERD S RTP 70—

TOMNEN 1ITRT. ARGEETIIREFEO IR
ERGES 57:0, R1IIWCRT Ay NV —FJBRER tca~
VEEAWTHERT 22T, ISRy 72X MNETER
ZEEOT Xty VERB LK. i, REDITY
R —NEER T2 HIRFIEE LTL3IAY R, L4y
RIZEEFNBHERIINZ, 7 v +2IE MR EZ EEN

2021/9/14 ~ 17 F 74~

o =2

Yuzo Taenaka

Packet In .
Internet — =HE Q/

BA fith

Kazuya Tsukamoto

7R RAEIRLARA R AR 2

Nara Institute of Science and Technology

WWHEHE Y LTHWSEF L2 W,

ARFER T & 272 2 BT OIULIERE % 53 2
7=, AT —RICT AN T —REGUHEEGEET RV
BECOWTHEE 21T 7. Boh-HmE®R (F1HE) %
£2ITRT. MR LT, FEID D, BREICKE
L&m%@%%ﬁm,iﬁ?é:tﬁ,%ﬁ#mﬁ&m
{LHREESICERE 2 2 bhotz. F2, ZHUC
o, FIR- 7 2 MR R USRI R TR (Bt
AR 3428, TR 0.528, 1RE A 14.7 P,
FTAF01TR) HR2Zehmghol-.

RTP server OFC

Feature Extraction &
Generation

Deep Neurf\l Network

e 0% e

B 1 EERDOEK

F£1 B TATVROREART X —&

BIE [Py X[ 7y tpRHE
AEE | Oms | O ms 0%
7 A M| 350 ms | 160ms 1%

2 HBFIREERTEOBER (F1H)
TR R T

RTP or NOT-RTP

AT —RIZTF AT —ZE2&T | 100% 100%
AT — X TRV TF—&2EEE V| 70.0% 100%
4 Fr®

ARIFFETIE, FIREY 7 2 NP TR Z2BRETHIS L

o7 =&ty b ERWCHHE L 7ASR, @Y R

R-AEROEEMZ R L. 7, ZhuckD, Fi. 7

A2 MEEZHIRTE 2 2 2R L. S%IE, XhEw

MLEREZ F -8 272D, Flf - 7 X S THWS 7—

Xty b 7a—-0HEGEZLSETHEZITS.

BE X

[1] S. Shimokawa, et al., ”SDN Based in-Network Two-
Staged Video QoE Estimation With Measurement Error

Correction for Edge Network,” in IEEE Access, vol. 9,
pp. 39733-39745, 2021.

[2] A. Nakao, et al., ”Toward In-Network Deep Machine
Learning for Identifying Mobile Applications and En-
abling Application Specific Network Slicing” IEICE
TRANS. Comm., VOL.E101-B, NO.7, pp.1536-1543.

A% JSPS BITE JP21H03430 K CREINZ ISR 5 R N TE
BIEMEEM ORI EOREZ T2 DTY.

(BISFAERXE2)

Copyright © 2021 IEICE



